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LSM-Trees are everywhere Point Queries in LSM-Trees
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Bloom fence | File-based LSM implementation always build the filter for each file.
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Workflow: Workload is known as a priori to compute bpk list
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Experiments
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Operations (millions) Mnemosyne does not need to have prior knowledge and
 Mnemosyne has higher throughput than RocksDB and Monkey without overusing bits-per-key achieves much lower query latency for skewed accesses. Y
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