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Demonstration Scenarios
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S1. Overhead of Fetching Data through RME S2. MVCC Updates
Q1: SELECT AVG(A1) FROM S; Q2: SELECTA1,A2, ..., AKFROMS;
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RME Cold has virtually the same performance Projectivity (Number of target columns) Projectivity (Number of target columns)
as RME Hot! Row size: 64 Bytes, Column size: 4 Bytes With MVCC enabled, RME is always faster than ROW and COL!
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